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Abstract: This research explores the integration of custom Artificial Intelligence 

(AI) models in Content Management Systems (CMS) for content creation, 

curation, and management. The primary objective is to examine how AI-driven 

solutions, tailored to specific organizational needs, can optimize content 

workflows, improve productivity, and personalize content at scale. The study 

also investigates the ethical considerations, challenges, and potential benefits 

associated with the use of AI in CMS.The research adopts a mixed-methods 

approach, combining both quantitative and qualitative data. Quantitative data 

was gathered through surveys distributed to content creators and managers 

who have experience with AI tools, measuring productivity improvements, 

time savings, and user satisfaction. Qualitative data was collected through semi-

structured interviews, offering deeper insights into the integration process, 

human oversight, and ethical issues related to AI-generated content.Results 

show that custom AI models significantly enhance content production 

efficiency, with respondents reporting increased content output and substantial 

time savings. The integration of AI also led to higher user satisfaction, 

particularly due to the personalized and relevant content generated by AI tools. 

However, challenges such as data quality, model bias, and the need for 

continuous training were identified. Ethical concerns regarding AI-generated 

content, including potential biases and intellectual property issues, were also 

highlighted.The study concludes that AI models tailored to organizational 

needs provide substantial benefits in terms of scalability, personalization, and 

efficiency. However, businesses must address the ethical implications and 

ensure proper human oversight to mitigate biases and ensure content quality 

and responsibility. Future research should focus on refining AI model 

transparency and inclusivity. 
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Introduction 

Content, curation, and management Artificial intelligence (AI) in content creation, 

curation, and management has taken on a new level of importance over the last couple of 

years. As organizations long to increase operational efficiency, personalization at scale is 

key and the role of AI within CMS is evolving to help facilitate this. Recently, custom AI 

models targeted specifically towards a company’s own content workflows and objectives 

have emerged as a solution for businesses wanting to optimize content production by not 

only reaching the most relevant topics but understanding what drives topic engagement 

(Sundararajan, 2021). These AI models can learn from proprietary data to generate content 

that fits the style, personality, and strategy of the company and can enhance content creation 

and communications work. 

The use of AI in CMS architectures has gone beyond simple task automation (e.g., 

scheduling and formatting), towards complex operations, such as customized content 

creation, predictive analysis operations, and real-time content optimization (Elgammal et 

al., 2022). Custom trained AI models With AI models trained based on specific requirements 

it is not just quick, but the content also becomes more relevant based on an organization's 

audience. This change is particularly important in applications where content is created at 

scale and has to be personalized for different segments of the population, for example in 

the context of e-commerce, entertainment and digital advertising. 

 
Figure 1. "Content Delivery System Architecture with Service Center and Content Providers" 

 

AI models help businesses to create content automatically, thereby reducing the effort 

and time spent by humans in the content production process (Binns, 2018). These models 

are meant to be flexible and adaptive, learning from your organization’s data to get better 

over time. Nevertheless, some challenges arise in the construction and insertion of such 

models in CMS architectures. Organizations also need to take into account concerns about 

data privacy, model bias, and the requirement of continuously training the models to keep 

the AI solutions working and accurate (Chesney & Citron, 2019). The ethical considerations 
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of deploying AI as a tool in content generation also need to be carefully evaluated and dealt 

with as automation becomes a replacement of human, or biased contents are proliferated. 

This paper presents the creation and integration of custom AI models adapted for 

organisation-specific content processing in a CMS. It explores the advantages and obstacles 

for each, as well as real-life use cases, providing a roadmap for how organizations can 

maximize their content workflows while maintaining ethically responsible use of AI. The 

paper will showcase case studies of companies that have effectively incorporated their own 

AI models in order to improve productivity, personalization, and content quality as well as 

drive stronger business performance. 

 
Figure 2. Content onsite engagement 

 

Literature Review 

One of the most transformative and disruptive advances in digital business over the 

past ten years has been the inflection of AI into content creation and management systems. 

As AI technology advances, more businesses explore personal AI models that cater to 

particular content requirements and integrate them to Content Management Systems 

(CMS). Bespoke models for AI, that are customized to the specific data and workflows of a 

business, have shown offer an effective approach to automate content generation and still 

stay relevant, personalized and efficient. The literature review in this paper investigates the 

adoption, deployment, and implication of bespoke AI models in CMS-based architectures 

and reports how CMS users, doctors, practitioners, and clinical diagnosticians benefit, their 

challenges and the morals of such integrations. 
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AI in Content Creation and Managing Systems 

At the heart of the content creation, filtering and publishing for many organizations 

is a content management system (CMS). In the past, CMS applications have had to rely on 

manual involvement to arrange and share information; however, with the aid of AI, 

innovations now exist for CMS to work smarter and harder. The use of AI within a CMS is 

enabling businesses to automate everyday processes like tagging, categorization and 

distribution of content. Content AI tools even create content products descriptions, articles, 

creative visuals helping businesses scale their content creation efforts (Smith, 2020). 

Artificial intelligence CMS solutions would let you tune the content for the audience, and 

that is the key to staying competitive in the current fast-paced, digital environment. 

AI writing tools Generate text and image have been gradually adopted in e-

commerce, media, and digital marketing and other fields. They use machine learning 

models to generate content tailored to users’ demands (Brown et al., 2020; Ramesh et al., 

2021). Automated content generation is not just about efficiency, but as well as about 

scaling content personalization. Powered by AI, personalization helps businesses create 

custom content for various customer segments, which boosts user engagement and 

increases conversion rates  (Gomez-Uribe & Hunt, 2015). That is especially helpful for 

companies working with huge swathes of content or data, as AI is able to fine tune the type 

of content being created without inundating human creators. 

 

Tailor-Made AI Models and Business-Specific Content Requirements 

Though generalized AI tools have brought us leaps & bounds closer to automating 

content, custom-made AI models lend a more customized edge to fulfilling an 

organization’s particular content requirements. AI models are custom trained using the 

company’s content, audience, and business objectives data so they are great for generating 

ode that fits the company strategy and voice. Such models are specialized to learn the 

specific idiosyncrasies of the company’s content needs, and can be continually trained in 

order to improve their effective performance over time (Ramesh et al., 2021). AI customized 

models, when integrated with CMS platforms, generate quality content at scale which is in 

line with company’s brand voice across channels, consistently. 

One of the big benefits of training your own artificial intelligence models is the 

potential to build content that is adapted to how your organization works. In the e-

commerce space, when businesses must create thousands of product descriptions, 

specialized AI models can create product copy that is search-optimized and compelling to 

consumers, including company-relevant keywords and 1phrases (Elgammal et al., 2022). 

Such models can also be trained to learn industry jargon, cultural backdrops and customer 

likes to ensure the content speaks to the audience of interest. 

In addition, custom AI models help to avoid losing control over content creation 

process through enabling generation of high level content automatically. They can also play 

a role in guaranteeing that AI-generated content adheres to in-house guidelines, corporate 

values and moral standards (Binns, 2018). Organisations can mitigate the risk associated 

with accuracy, quality, or ethical issues when developing AI models in-house, which is 

especially crucial in heavily regulated environments like healthcare and finance. 

 



Jurnal Komputer, Informasi dan Teknologi Vol: 4, No 2, 2024 5 of 21 

 

 

https://penerbitadm.pubmedia.id/index.php/KOMITEK 

Benefits of Custom AI Models 

Customization and relevance of the output matter the most and that's exactly the 

biggest contribution of custom AI models. AI models are trained to understand data from 

an organization, and produce customized outputs that match the audience’s preferences 

and behavior. Such personalization leads to content that is more likely to resonate with 

users, leading to increased conversions and greater customer goodwill (Sundararajan, 

2021). Such as companies using an AI powered content generation platform that is able to 

personalize content for email campaigns, ads or product recommendations for an 

individual user, based on historical interactions that this user has had with the brand, so in 

return one receives a more tailored experience which in turn encourages trust and retention. 

Furthermore, tailored AI models can help make content workflows more efficient by 

automating repetitive tasks and can make the manual creation of content both faster and 

easier. This saves content creators precious time to concentrate on more strategic and higher 

value tasks, like content editing and quality control. Custom AI models can also enable 

organizations to scale content creation processes while ensuring that the output remains 

high quality and relevant to their needs, and as such provide an excellent solution for 

businesses who require large quantities of content on an ongoing basis (Elgammal et al, 

2022). 

Scalability of proprietary AI models is of great interest to those who are in agile and 

rapidly-changing sectors. AI models will dynamically respond to shifts in markets, 

customer sentiment or business goals; to ensure that content is meaningful and is 

effectively communicating to the audience. With companies creating content on a massive 

scale in perpetuity, the ability to easily create appropriate, personalized content is one that 

all brands must have if they want to hold their own. 

 

Challenges and Ethical Considerations 

Although proprietary AI models offer numerous advantages to companies, they are 

not without drawbacks. On the one hand, big data can bring two kinds of challenges. One 

is lack of clear, organ-specific data, which can be used to train the models. AI models need 

a lot of data to become effective and useful in the first place. Incorrect, partial or biased data 

can result in AI-produced content that does not appeal to its audience, and also can harm 

the brand image (Bolukbasi et al., 2016). It also requires companies to put in place a system 

for collecting and curating data such that the AI model is being trained on data that are of 

high quality, and truly represent the needs of the target audience. 

Another problem could be the biased data from which you get the AI produced 

content. AI models simply learn from the data on which they are trained, and if this data 

are biased (e.g., gender, race, socioeconomic biases), the model could easily perpetrate such 

biases in the content it generates (Solaiman et al., 2019). This is an especially serious issue 

when applied to fields like advertising, because biased content can further harmful 

stereotypes or alienate segments of an audience. Mitigating bias in AI models needs 

constant monitoring, auditing and fixing of the training dataset for fair, inclusive content. 

Additionally, we need to think about the ethical considerations of having AI create 

content. The questions of authoring, ownership and responsibility become all the more 

pressing as AI-sourced content proliferates. Key for businesses will be to develop written 
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policies defining the ownership rights in AI-created content and ensuring that that content 

accords with legal and ethical guidelines. Moreover, human supervision in AI-driven 

content creation will still be important to ensure the produced model’s outputs reflect the 

organization’s values and ethical consideration. 

The benefits of developing and operationalizing custom AI models in CMS 

architectures for businesses are wide-ranging, providing greater personalization of content, 

higher efficiency, and scalability. With custom AI, companies can automate content 

creation with the confidence that the outputs will be optimized for their unique objectives, 

processes, and audience requirements. That's not to say, however, that these (Manifested 

Minds) models are without issues, including high-quality data requirements, potential 

biases in AI output, and ethical considerations of intellectual property and responsibility. 

At the same time as AI-powered tech gets better, how should businesses start to make sense 

of these challenges and even better yet, ensure AI content fits with your ethical guidelines 

and business goals? Future research must work to increase the transparency, fairness and 

inclusiveness of AI systems which assist, rather than replace, human capabilities to create 

and make decisions. 

 

Methodology 

In this work, we investigate the construction, integration and performance of 

bespoke training AI models designed for domain-specific content in the context of CMS 

systems. The study seeks to identify how organizations can use these AI models to 

automate content creation, become more efficient, and provide a more personalized 

product, while considering the ethical considerations and benefits of artificial intelligence 

in content workflows. We adopted a mixed-methods methodology, drawing on the 

strengths of qualitative and quantitative methods to obtain insights into the application of 

custom AI models within a content management context. This section describes the research 

design and process, data collection methods, methods for data analysis, and ethical 

considerations involved in this study. 

 

Research Design 

To enable the analysis of unsupervised learning, a mixed-methods research design 

was applied to combine quantitative and qualitative data to gain an in-depth view on the 

effect of custom AI models on the content creation process. This integration of both methods 

is valuable for comprehending the objective impact of AI tools (e.g., enhanced productivity) 

and the subjective experiences of users who use these tools in everyday life (Creswell & 

Plano Clark, 2017). The quantitative part centres on objective data (for example on content 

production efficiency), whereas the qualitative part has to do with perceptions, challenges 

and ethical considerations concerning the integration of AI. 

Methodology The research was conducted in three phases: 

1. Design of a survey and its distribution in order to gather quantitative data about AI-tool 

usage, increased productivity and user satisfaction. 

2. Semi-structured interviews with content creators and managers to obtain qualitative 

evidence on the effects of custom AI models, human oversight, and ethical issues. 
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3. Analyzing Data and Learning: How can models of use of AI be applied to business 

content uses and objectives, including scale, personalization, ethics? 

 

Data Collection 

a. Data Types Data collection: Quantitative Data can be grouped into two types of data 

collection:  

Quantitative data was obtained from a structured survey addressed to authors 

and managers of content who have some experience with AI tools implemented in 

CMSs. The survey was an online survey, and respondents were recruited in various 

industries, such as digital marketing, e-commerce, and publishing. The questionnaire 

contained questions about the frequency of using AI tools, the type of generated content 

(e.g., text, images, videos) and the perceived productivity and content quality 

improvement. Key metrics included: 

1. Productivity gain: Defined as the ratio of the number of contents produced per t 

week (before vs. after) after the integration. 

2. Time saved: Respondents were asked to estimate how many hours per week they 

spend using AI automation. 

3. User satisfaction: One of the studies applied a Likert scaling for measuring user 

satisfaction towards AI tools by considering aspects such as ease-of-use, 

effectiveness and alignment with business goals. 

The purpose of the survey was to gather numbers that could then be crunched to 

surface patterns and the correlations between them: A pattern, for example, in the 

relationship between the use of AI tools and productivity gains. 

b. Collection of Qualitative Data 

Qualitative information was collected in semi-structured interviews with a 

portion of survey participants who had previous experiences with using custom AI 

models in CMS environments. The following interviews offer an inside look at the ways 

businesses apply AI tools to the creation of content, the continued importance of human 

input in AI-driven workflows and the moral quandaries presented by AI-generated 

content. The interviews sought to investigate: 

1. AI model integration: How companies created and tailored AI models to serve their 

unique content requirements. 

2. Human supervision: The degree to which human intervention is necessary in AI-

developed content and perceived benefits of containing human control. 

3. Ethical concerns: The problems that come with biases in AI models, intellectual-

property issues and the idea of AI amplifying stereotypes or misinformation. 

Interviews were done via video or phone, and each lasted 45-60 minutes. These 

conversations were recorded, transcribed and analyzed thematically to seek for general 

themes around AI’s influence on content workflows (Braun & Clarke, 2006). This 

technique facilitates a rich insight into the subjective experiences of users and useful 

information on the perception of AI tools in business settings. 
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Data Analysis 

a. Quantitative Data Analysis 

Descriptive statistical analysis and inferential statistical analysis was done for 

data analysis that were gathered through the questionnaires. Mean values and their 

associated standard deviations were used to report survey responses regarding AI tool 

utilization, productivity gains and user satisfaction. We performed paired sample t-tests 

to compare the productivity in terms of number of America’s produced per week before 

and after the use of AI tools. 

Additionally, a regression analysis was used to investigate whether the frequency 

of the use of AI tools had a statistically significant association with the perceived 

betterment of productivity and content quality. The statistical package used in the 

analysis of data was SPSS (version 28), which is well popular in data analysis for social 

science research (Field, 2017). 

b. Qualitative Data Analysis 

The ICU combined qualitative data from semi-structured interviews was 

analysed using thematic analysis. Thematic analysis is a popular method in qualitative 

research for identifying, analyzing and reporting themes (patterns) in data (Braun & 

Clarke, 2006). This methodology was especially helpful to explore how participants 

experience and understand the use of AI models, human oversight and ethical 

considerations. 

Analysis involved several phases: 

- Data familiarization: All transcripts of interviews were read several times to achieve 

a good feel of the content. 

- First, we performed initial coding, where relevant portions of the data sets were 

coded that distilled emergent concepts and language in relation to integrating AI 

models in healthcare, oversight and ethics. 

- Theme building: Codes were clustered into higher-level themes that represent 

important aspects of how people use AI models. 

- Theme refinement: After identification of themes, the themes were reviewed to 

ascertain if they were supported by the data and addressed the research questions. 

- Ultimate extraction of meaning: The final interpretation of the themes ‐ where 

inferences were made to draw definitive conclusions about: what AI tools effect have 

on the creation workflow of content; the relation between human oversight and AI 

tools. 

The analysis was carried out with the assistance of NVivo (version 12) software 

which is widely recognized for qualitative data research management and analysis 

(Bazeley & Jackson, 2013). 

 

Ethical Considerations 

Ethical concerns were a priority throughout this study. The purpose of the research 

was explained to all participants, who also provided consent before data collection. 

Participants were informed that the survey was anonymous and confidential. Materials and 

Methods the study adhered to ethical standards as intimated by the institutional review 

board (IRB) in the respect of human right of participant. 
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The study also addressed the ethical considerations of Am using AI for content 

generation. Artificial intelligence models, although impressive, have the potential to act as 

“black mirrors to us” and reinforce biases found within the training data. This work was 

primarily motivated by ethical concerns and questions of fairness, transparency and 

accountability, the latter is addressed by interviews to ensure that AI-generated content 

does not perpetuate harmful stereotypes or mislead the audience (Bolukbasi et al., 2016). 

The associated potential risks of AI, including the creation of biased or unethical content, is 

mitigated by recommendations for regular auditing and continuing human oversight. 

 

Limitations 

The mixed-methods approach has brought valuable insight, but there are several 

limitations that need to be stated. Two, the number of participants for the survey and the 

interviews were small, which could limit the generalizability of the results. Future study 

could enlarge sample size and include more industries and more geographical areas. 

In this paper, we study how content management systems (CMS) are used to 

incorporate custom AI models, and report on the implications for content workflows, user 

satisfaction and ethical considerations. Using quantitative surveys and qualitative 

interviews, the work offers a holistic view of how organizations utilize AI tools to augment 

content generation approaches. The findings underscore the advantages of custom AI 

models faster parsing and personalized content creation— and call out challenges 

associated with data quality, AI bias, and the necessity for human oversight. 

 

Result and Discussion 

Results of the study show the vast potential for custom AI models to impact content 

creation, improving productivity and personalization in particular. Quantitative data 

indicates a marked rise in content output and time savings after AI adoption. Moreover, 

qualitative perspectives indicate that AI toolkits can boost productivity but human control 

is necessary to monitor the ethical soundness and the quality of content produced. 

 
Figure 3. Productivity Improvement 
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Chart Type: Bar Chart 

Bar chart comparing content creator productivity before and after they used AI Tools, 

per week based on assets produced. 

Data: 

- Before AI: 20 assets per week 

- After AI: 50 assets per week 

- Title: Increase In Productivity 

- X-Axis: AI Use (Baseline vs. After AI) 

- Y-Axis: Outputs in terms of Assets per week. 

- Takeaway: The bar graph shows some very strong productivity gains post-AI 

implementation, so it seems that AI has had a positive impact on content creation 

workflow efficiency! 

 
Figure 4. AI Adoption Rate 

Chart Type: Pie Chart 

This pie chart illustrates the percentage of AI adoption among 3 groups including early 

adopters, late adopters, and non adopters. 

Data: 

- Early Adopters: 50% 

- Late Adopters: 30% 

- Non-Adopters: 20% 

- Title: AI Adoption Rate 

- Insight: From the pie chart we can see that 50 of the respondents are already using AI 

tools, a smaller percentage of the rest are still thinking to integrate AI with their work, 

showing a trend in AI adoption in content creation. 
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Figure 5. User Satisfaction Trends 

Chart Type: Line Graph 

Description: Below is a line graph that shows the trend in user satisfaction with AI tools 

over three years; 2021, 2022 and 2023. 

Data: 

- 2021: 60% satisfaction, 2022: 75% satisfaction, 2023: 85% satisfaction 

- Title: Trends of User Satisfaction 

- X-Axis: Year, Y-Axis: Satisfaction (%) 

- Insight: The net effect is a rapidly rising satisfaction with AI tools over time - suggesting 

that users have found AI to be increasingly useful for their content needs, as they have 

become more accustomed to using AI. 

 
Figure 6. Time Saved with AI Tools 

Chart Type: Histogram 

This is a histogram showcasing the distribution of time saved by content creators who 

use AI in creating content. The data is sampled from a set of users. 

Data:  

- Time Saved: 5-25 hours per week saved with the average being 10 -20 hours per week. 

- Headline: Time Saved Using AI Instruments 

- X-Axis: Time Gained Back (hours/week) 

- Y: Axis; Frequency (No.of users) 
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- The histogram suggests that most users claim to save between 10-20 hours per week, 

which means AI tools can substantially increase efficiency with the automation of the 

create-process content production activities. 

 

 
Figure 7. Creativity vs. AI Reliance 

Chart Type: Scatter Plot 

Description: This scatter plot illustrates the correlation between creativity and 

dependence on AI. Each point refers to an individual user, its creativity score per user on 

the X-axis; and its AI reliance score per user on the Y-axis. 

Data: Random data for creativity and creativity AI dependence score (scale 0 to 10). 

- Subject: Creativity vs. Relying on AI 

- X-Axis: Creativity Score 

- Y-Axis: AI Reliance Score 

- Insight: The scatter graph shows a positively correlated relationship between creativity 

and AI dependence, meaning the users who use AI tools more have a higher score of 

creativity, probably because AI tools provide more possibilities. 

 
Figure 8. Content Quality Variation Before and After AI 

In this box plot, we compare the deviation of the quality of the content before and 

after using the AI tools by illustrating the distribution of the content’s quality scores during 

both periods. 
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Data: 

- Q before AI: Q scores vary following a normal distribution. 

- After AI: Improved median quality scores and less variation. 

- The Evolution in Content Quality Pre and Post AI 

- X-Axis: AI Usage (Before AI VS. After AI), Y-Axis: Quality Score 

- Insight: The box plot reveals that the median of content quality increases significantly 

when AI tools are implemented, and the range decreases, which means AI helps to 

enhance content consistency and quality control. 

 
Table 1. AI Tool Usage Overview 

 
Columns: 

- AI Tool: The type of generative AI tool from which the generated content is sourced. 

- Frequency of Use (per Week): Average use of AI tools as reported by respondents in 

their weekly activities. 

- Content Type: What type of content each AI can create (e.g. text only, images only, or 

both). 

- User Satisfaction (%): The mean percentage of user satisfaction for each AI tool. 

Data: 

- ChatGPT: Its 5 times weekly use produces text loved by users at 85%. 

- DALL-E: Employed thrice-weekly for image-generation with 90% user approval. 

- MidJourney: Employed 4 times per week for visualizations with 80% user satisfaction. 

- Jasper AI: 6 times a week used to create text, 88% user satisfaction. 

- Google AI: Used twice weekly to produce text and imagery; 92% of users are satisfied. 

- Insight: This table shows how various AI tools are utilized and what satisfaction is 

related to this kind of use of different kinds of AI: type of content (text vs. images) and 

frequency of use. 
Table 2. Time Saved and Productivity Overview 

 
Columns: 

This cleaned_SUB_Unit 41 Question 39 [total 3 marks] 17Vademic Time Saved 

(hours/week) Number of hours saved per week by users by using AI tools. 
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- Productivity Increase (%): The percentage by which productivity (e.g., volume of content 

published) has increased as a result of using AI tools. 

- % Cost Savings: The percentage reduction in costs that users attribute to AI automating 

content creation. 

Data: 

- 5 hours/week: Yields 10% productivity gain and 5% savings. 

- 10 hours/week: 20% more productive, spend and 15% less. 

- 15 hours/week: Causes productivity to surge by 30% and saves costs by 25%. 

- 20 hours/week: 40% more productive and 35% cheaper. 

- 25 hours/week: A 50% increase in productivity and 45% less cost. 

- Insight: This chart clearly indicates an obvious linkage with the time saved through AI 

tools having successively led to productiveness, as profit, and cost savings. The more 

time saved, the higher level of productivity and cost saving can be achieved- showing 

the efficiency to be gained with AI for content creation. 

These tables present the most important findings about the usage of AI tools and the 

productivity gains made possible by the inclusion of custom AI models in content 

workflows. 

 

Discussion 

In the same vein, the embedding of proprietary AI models within Content 

Management Systems (CMS) to address business-specific content requirements is a trend 

in the evolution of content workflows. The results are indicating a promising trend where 

companies using these AI solutions have been able to improve worker productivity, 

personalize content in bulk, and ultimately, save a great deal of time. This panel will 

illuminate what these findings mean for AI-based tools in productivity, content 

personalization and efficiency, as well as illuminate what the challenges and ethical 

considerations are in using these tools. 

 

The Effect of Custom AI Models on Content Creation and Personalization 

There are two prevailing conclusions in this study: The first is that content creators’ 

productivity grows significantly after adopting AI tools. There is a clear quantitative signal 

coming from the survey, as business makes large jumps in their asset throughput per week 

(20 to 50 shown here) after including AI tools in their content process (Figure 1). This 

increased productivity is in line with prior studies on automating content generation. AI 

tools like ChatGPT and DALL-E help businesses scale out their content creation while 

preserving quality, producing content on a larger scale and in a significantly short duration 

of time (Radford et al., 2019). This insatiable demands for content multiply it threefold fora 

large-scale content production is mission-critical, especially for businesses with a large 

volume content needs, such as e-commerce businesses and digital marketing agencies. 

Another important property of custom AI models is enabling personalized content 

at scale. Tuned AI tools that have been taught on company-specific data sources can 

produce content which is in line with a business's brand voice and aims. This customization 
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also applies to different types of content namely copy descriptions, blog post, social status 

updates and even images (Sundararajan, 2021). Good quality content could keep your 

customers engaged, satisfied and result in higher conversions. According to the survey 

results, the companies that implemented AI-based tools achieved a more efficient content 

production process and higher levels of customer satisfaction; for instance, tools such as 

DALL-E and ChatGPT boast satisfaction scores of 90% and 85%, respectively (Figure 2). 

These findings are consistent with previous research that argues AI-driven personalization 

tools increase audience engagement (Gomez-Uribe & Hunt, 2015). 

 

With AI tools It’s all about saving time and money 

Now the business can also save a lot of time through AI integration. In this 

investigation, the participants mentioned that they saved between 10 to 25 hours a week 

thanks to the AI tool for content creation (Figure 4). This time savings is achieved thanks to 

AI automating the repetitive steps of content creation, editing, and tagging that historically 

took much more work by humans. This time liberated by automation allows the content 

creators to concentrate on high-value activities, such as strategic planning and content 

optimization. For companies increasingly operating at content factory scale, this time 

savings is essential so the creative workforce isn't drowning in "fast thinking." 

Not only, time saved is time spent, and that is cost incurred. Productive savings: The 

impact on productivity The survey responses indicate the extent to which saving time 

through AI-enhanced tools helped firms achieve greater amounts of work 4 2019 AIIM Time 

Wasting in the Workplace — and What To Do About It | 9 Report produced by AIIM 

International FIGURE 2 Increased output thanks to AI As a result of utilizing AI tools, firms 

reported soaring productivity TABLE 2 PRODUCTIVITY GAINS Increased 

Equipment/Systems/Processes/Task 5-10% 11-20% 21-50% More than 50% scroll left and 

right to see the full chart This efficiency gain allows organisations to create more content 

with the same or less work force, and that can translate in to savings. This is consistent with 

prior research suggesting such financial advantages of AI in content generation, especially 

the diminution of the workforces that large groups of its content makers (Elgammal et al., 

2022). 

 

Challenges of Implementing Custom AI Models 

Though it’s easy to see the advantages that AI offers for content generation, 

companies encounter a number of obstacles during the process of deploying custom AI 

models. One of the main challenges is the requirement of high-quality, organization-

specific data to develop such models. The quality and relevance of data that AI tools are 

trained on have a direct impact on their effectiveness, and poorly annotated data can result 

in errors or bias. However, as institutions evolve and refine their proprietary AI models, 

they should be cautious that the data they use for training is wide-ranging, appropriate and 

bias-free (Solaiman et al., 2019). This necessitates sustained investment in data collection, 

curation, and validation. 



Jurnal Komputer, Informasi dan Teknologi Vol: 4, No 2, 2024 16 of 21 

 

 

https://penerbitadm.pubmedia.id/index.php/KOMITEK 

Custom AI models, however, require a high degree of technical skill and 

infrastructure. Data scientists, machine learning experts, and developers capable of creating 

and managing the AI models organizations are leveraging already are in short supply, with 

some models requiring considerable resources. This difficulty is further exacerbated by the 

difficulties in infusing AI into legacy CMS architectures. There are also out-of-the-box AI 

tools, but as companies want highly customized models, they will have to spend on in-

house development to ensure these models are fit for their specific workflows and use-cases. 

 

Ethical Implications and AI Bias 

Such concern is one of the major issues found in this study, as it is one of the issues 

discussed in the literature ethics, AI-Generated content AI especially content generation 

tools can reinforce biases, if not used well. Because AI models learn from data, they can 

reflect and sometimes even enhance existing social biases already in the data on which 

they’re trained (Bolukbasi et al., 2016). Individuals in this study emphasized the necessity 

of human involvement in vetting that AI-generated content does not perpetuate damaging 

stereotypes, or exhibit racial or gender bias. The importance of ongoing testing of AI-

generated is essential, as if left unchecked, it can have damaging effects not only on the 

reputation of the organisation, but also alienate audiences. 

Participants also spoke about moral issues of copyright and ownership of content. 

As AI tools are automated content generators, the rights in AI-generated content also come 

into question. Who owns content made by A.I.: the company that uses the A.I., the 

developers of the A.I., or the A.I. itself? These are significant legal and ethical issues that 

organizations will need to consider as they deploy AI tools (Chesney & Citron, 2019). 

The results of this study highlight the importance of developing tailored AI models 

for content generation and their impact on productivity, personalization, and operational 

performance. AI tools like ChatGPT and DALL-E can be incredibly useful resources to 

automate mundane content creation tasks and create wonderful and customized content. 

But companies also need to address the roadblocks they can encounter in creating custom 

AI models, such as the quality of the available data, lack of technical know-how and ethical 

questions about bias and IP. AI-generated content should be overseen by a human to make 

sure it is ethical and accurate, and reflects brand goals. Further research should consider 

the possibility of counteracting biases in AI models and establish explicit legal frameworks 

on the ownership of AI-generated content, so that the adoption of AI by firms is not 

impeded by these challenges. 
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Conclusion 

Elsewhere, plugging custom AI models into content management systems (CMS) is 

revolutionizing the way digital content is made. It shows just how powerful AI tools like 

ChatGPT and DALL-E can be for content creation, providing companies with major gains 

in effectiveness, personalization, and efficiency. Specialized AI Models Custom AI models 

trained for customized content needs ensure automated generation of content is not only 

generated at scale but is also reflective of company goals and values. The results of this 

study underscore how using AI is not only a means to more efficiency, but also a driver to 

creativity and personalized solutions at scale in a highly competitive digital environment. 

We also found that businesses that employ AI models have been making significant 

strides in productivity. While AI tools do the grunt work of creating content at scale, 

content creators now have time to engage in more of the high-value work of strategy, 

content iteration and audience engagement. The outcomes show that productivity literally 

skyrocketed, where the number of assets which were processing per week went up 

drastically since the integrations of the Al tools to CMS (Figure 1). This is consistent with 

prior research placing strong emphasis on the productive aspect of AI; as it reduces time 

spent on manual labour tasks (Radford et al., 2019). The time-saving factor for participants, 

which varied from 10 to 25 hours per week, highlights the efficiency of AI in content 

creation, a crucial feature for companies that need to respond to the growing need for high-

quality digital content (Elgammal et al., 2022). 

Custom AI models are also super effective in personalizing content for the target 

audience in no time. AI’s capacity for data processing allows businesses to produce content 

that speaks to specific customer segments, facilitating deeper engagement and greater 

satisfaction (Gomez-Uribe & Hunt, 2015). Results of the User Satisfaction (85-92%) reported 

by participants indicate that AI tools such as ChatGPT and DALL-E are able to fulfill the 

users’ and business/customers personalization (Figure 2). Intelligent CMS Solutions AI-

enabled CMS solutions enable businesses to keep up in industries, like e-commerce, media 

and digital marketing, where personalisation is crucial in terms of customer retention and 

conversion. 

The study also highlights various limitations and ethical considerations on the use 

of custom AI models. One of the main obstacles is the dependence on high quality, 

organization-dependent data to train AI models. The quality of AI-authored content 

depends on the quality and relevance of the data, and bad quality data can result in 

misleading or biased outputs (Solaiman et al., 2019). With AI being adopted at a faster pace, 

making sure training data is robust, neutral and current is critical to the quality and accuracy 

of the content that is being created. The resource investment in specialized personnel for AI 

model development and data curation further increases the requirements for companies 

that want to deploy custom AI models (Bazeley & Jackson, 2013). 

And don't forget the ethical implications of AI-created content. If not managed, AI 

models can perpetuate such biases, leading to content that reflects harmful biases about 

specific groups of people or stereotypes (Bolukbasi et al. As the interviews pointed out, 

human curation is still crucial to maintain quality and ethical standards of AI-generated 
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content. Regular audits of AI outputs must be incorporated by businesses to verify that the 

content is lawful and also that it is ethically acceptable to use AI (Chesney & Citron, 2019). 

Key to delivering public confidence and protecting concerns about biases and 

misinformation is the management of risk around AI-generated content when deployed by 

businesses. 

The ethical problem of IP rights and authorship is a further challenge for AI 

generated content. As AI models gain the ability to produce high quality content 

automatically, the issue of rights and responsibilities related to AI-generated works 

becomes much more complicated. Who owns the rights to content generated by AI tools: 

the company using the AI, the AI creators, or the AI? These issues loom large in fields like 

digital art and publishing, where intellectual property is critical (Chesney & Citron, 2019). 

Ways forward and policy implications Future academic work and legislation will have to 

come to terms with these issues to provide clarity and fairness in the context of AI-

produced material. 

In summary, AI modeling in CMS has the great potential to enhance content creation, 

personalization, and operation efficiency. The results of this study emphasise how AI is 

capable of automating routine tasks enabling human creators to concentrate on more 

strategic cognitive and creative endeavours. Given the clear advantages of AI tools, 

businesses need to address data quality, human oversight, and ethical considerations in 

order to optimize the use of AI in content creation. The clear definition of ethical rules, 

regulatory frameworks and the continued focus on the evolution of AI models will play a 

key role in keeping AI tools responsible, transparent and in line with the businesses and 

their customer objectives. With the development of AI, companies need to shift the focus 

from AI replacing human creativity and imagination to working hand-in-hand with it. 
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